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Abstract In recent years, with the continuous development of image editing technology, the situation of intellectual
property protection of digital images has become increasingly severe. In order to effectively curb the illegal stealing, co-
pying and tampering of image content, and effectively protect the legitimate rights and interests of users, image copy de-
tection, as a key component of the content audit system, is of great importance. One of the common means to avoid detec-
tion is that the attacker skillfully implants part of the source image into the target image, forming a "picture-in-picture"
type of partial copy. To address this challenge, this paper proposes A ViT-based Algorithm for Localized Image Copy De-
tection. The algorithm aims to utilize the powerful local feature extraction capability of ViT to extract the local features of
an image on the basis of the original global features, to reveal the potential dependencies between the images, and to im-
prove the ordering of images with higher similarity in the detection results by rearranging the order of related images, so as
to accurately realize the copy detection of local information of an image. Compared with A Self-Supervised Descriptor for
Image Copy Detection, this paper achieves a significant improvement on the DISC2021 dataset, with 10% increase in lo-
calized copy image recognition accuracy, and 10% - 15% increase in pAP (Micro Average Precision) metrics. In addition,
this paper also carries out an intuitive qualitative analysis using heat maps, which confirms that ViT is able to acutely cap-
ture the region of the image where local copies exist, further validating the effectiveness of the algorithm. The ViT-based
localized image copy detection reordering algorithm proposed in this paper is able to effectively detect copy images using
picture-in-picture image enhancement, and achieves excellent results on the DISC2021 dataset, which expands new ideas
for research in the field of digital image forensics.
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model
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Figure 2 Diagram of the validation process of the SSCD model
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Figure 10 Comparison of pAP metrics before and
after model improvement
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Figure 13 Image with its corresponding heat map
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